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“* Routinely available baseline clinical data contain strong predictive signal
for 2-year all-cause mortality after PASC diagnosis.
* XGBoost modestly improved mortality risk discrimination over Cox-based

Clinical Implication

- 2-year mortality risk after PASC
can be stratified using routinely
avallable EHR-based clinical anad
comorbidity data.

Purpose

Clinical utility: Pinpoints patients with
Post-acute sequelae of SARS-CoV-2
infection (PASC, or Long COVID) at
highest mortality risk to enable precision
follow-up and targeted comorbidity
management.

benchmarks, with comparable prediction error.
** The recalibrated XGBoost model may enable individualized, time-specific
risk estimation and clinically interpretable risk stratification.

clinically heterogeneous, and associated Construction Engineering

- Risk prediction at diagnosis may
support clinical decision-
making, including follow-up
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